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. %%ﬂﬁ)\%%iﬁﬁ MATCH (node:User)

L] %%Xﬂ’%ﬁ]m—ﬁzm WITH collect{node) AS nodes

CALL apoc.algo.betweenness([ 'RSVP'],nodes, 'BOTH')
YIELD node, score

RETURN id({node), node.name, score

ORDER BY score DESC







FHEERRILHIAR, UaEAIEINERTTE  08%rosteresiL FERAKXZ [l

EEEFEELIEXIAXR ERAARENE, SalEEBIIXMIZMESEIRAR ERIE RN
B3, BUNEAIBEAISIHELIKES (BEX) i (SWAULARRERNRE) , BRMEERERN
FRIEND OF (BBR) , iERFFEARILEADER OF (IT) . IRTEXIAT AP ABRAIMN
e, EEERRERU T MiA:

a) BRI LIEEMRIES, BRERNES /I EIHEEIIEN,;

b) R RILASCRY B FrlE A E &SRR ;

¢) EEURFEAIARENTBERIRERZEM, WEIIHPRRR. SR,

d) EI#GREEEH T SERTRIASURIZIRE SR AT L.

E&iERE SR T RS RBIEHREFRIRNE, (BEEF—2AEM, W:
a) MEGICRAEETHHEUE (FINHEGERE) |

b) i HEFE,

C) FrRIEREERSRIIE.

d) BeMBXEEEESIREZ, RARERES—.

e) ElEUEFBRIN—LBEERD.

f) HRESEEATTE.



Relational vs GraphBdkEE#HS 20184 PostereSALEEHA A2 Pl

Relational model

Graph Model

iers

https://neo4j.com/developer/guide-sql-to-cypher/




SELECT p.*FROM

SELECT p.ProductName,
p.UnitPriceFROM products as ¢
BY p.UnitPrice DESCLIMIT 10;

,p.unitPrice ORDERB
IT10;

SELECT p.ProductName, p.UnitPriceFROM I\_/IATCH(p:Product)WHEREp.productNameST

products AS pWHERE p.ProductName ARTS
LIKE 'C%' AND p.UnitPrice>100; WITH"C"ANDp.unitPrice>100RETURNp.prod

uctName,p.unitPrice;
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SELECT DISTINCT c.CompanyNameFROM
customers AS cJOIN orders AS o ON
(c.CustomerID = 0.CustomerlD)JOIN order_details
AS od ON (0.0OrderID = 0d.OrderlD)JOIN products
AS p ON (od.ProductID = p.ProductID)WHERE
p.ProductName = 'Chocolade’;

SELECT p.ProductNameFROM Product AS pJOIN
ProductCategory pc ON (p.CategorylD = pc.CategorylD
AND pc.CategoryName = "Dairy Products")JOIN
ProductCategory pc1 ON (p.CategorylD =
pc1.CategorylDJOIN ProductCategory pc2 ON
(pc2.ParentID = pc2.CategorylD AND pc2.CategoryName
= "Dairy Products")JOIN ProductCategory pc3 ON
(p.CategoryID = pc3.CategorylDJOIN ProductCategory
pc4 ON (pc3.ParentlD = pc4.CategorylD)JOIN
ProductCategory pc5 ON (pc4.ParentlD = pc5.CategorylD
AND pc5.CategoryName = "Dairy Products");

MATCH(p:Product{productName:"Chocolade
"D<-[:PRODUCT]-(:Order)<-[:PURCHASED]-
(c:Customer)RETURN(distinctc.companyNam
e,

MATCH(p:Product)-[:CATEGORY]-
>(l:ProductCategory)-[:PARENT*0..]-
(:ProductCategory{name:"Dairy
Products"})RETURNp.name
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Current and Planned Uses of Graph Databases
In what ways is your organization using (or planning to use) graph technology?

https://www.zdnet.com/article/the-rise-and-rise-of-graph-databases/
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FORTUNE 100 Finance Logistics

mm" 20 of top 25 7 of top 10 3 oftop 5

fmr o N bt
Retail Airlines Telco Hospitality
7 of top 10 3 oftop 5 4 of top 5 3 oftop 5

https://syncedreview.com/2018/10/04/graphconnect-2018-linking-ai-and-graph-db
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